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Summary

Many of the studies on GAs give emphasis on finding the global
optimal solution. In this paper, we propose a new method which
extend the application of GAs to domains that reqrofaist
solutions If a global optimal solution found is on a sharp-pointed
location, there may be cases where it is dangerous to use this
solution. In nature, the phenotypic feature of an organism is
determined from the genotypic code of genes in the chromosome.
During this process, there may be some perturbations bet

the phenotypic parameter vectt{X) a fitness function and a
noise vector. As can be easily understood from the analogy of
nature, actual fitness function should be of the f&xrA). We

use this analogy for the present work. Simulation results confirm

the utility of this approach in finding robust solutions.
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gen=0;
Pop(gen) = randomly initialized population (G1, G2, ..., GN)
Transfer each G i to X ;
YI=XT+A
Evaluate fitness of each Y in Pop(gen);
while( termination condition == false ){
gen+=1;
Select Pop(gen) from Pop(gen - 1) based on the fitness value f(Y1);
Apply genetic operators to G1, G2, ..., GN in Pop(gen)
Transfer eachG ' to X I;
Y'=X"+A
Evaluate fitness of each Y in Pop(gen);

}
Evaluate fitness of each X | in Pop(gen)
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